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* (1) Interpretivist text analysis (2) Systematic qualitative coding (Kozlowski, Taddy, & Evans, 2018)

(1) Interpretivist text analysis
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(2) Systematic qualitative coding
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 Danner, D. D., Snowden, D. A., Friesen, W. V. (2001). Positive emotions in early life and longevity: Findings

from the nun study. Journal of Personality and Social Psychology, 80, 804-813.

POSITIVE EMOTIONS TN EARLY LIFE
1.0 e, ]
0.9 {
0.8 I
Table | 5%
Reliability of the Emotion Coding as Indicated by the Number of Emotion Words and Sentences 'E 06 .
Scoved by Two Coders for Awtobiographies Written in Early Life 5 ' -
1 dapting n ] : ) pring
by 180 Participants n the Nun Study 5 o5
F
L m___(.‘_rfr_e_l_z[[inn of counts % 0.4
Count Final coding and each coder” -§ Quartile 1
Unit of aralysis Coders A s & 03 —— Quartile 2
__iil_ll_i‘_]ll_li[_ii‘_li__-_______(_:l_l_ljr.‘_].'\ Coder B and B* Coder A Coder B 02 - Quartile 3
Words ' -~ Quartile 4
Positive 1,243 1242 96(.95,.97) 99 (.98, .99) 08 (.98, .99 0.1
Negative 206 192 B9 (85, 94) A7 (.94, .99) 94091, .97)
Neutral 16 17 TR (64, .97) .97 (.90, 1.00) 82 (.69, 95) 0.0 b— e —
Sentences 5 80 85 90 95
Positive 1,06 Kl 97 (.96, 95) 99 (.98, .99) 99 (.98, .99)
Negative 196 179 90 (85, 95) 97 (96, .99) 9491, .97) Age
Neutral 16 17 TJE(.64,.93) 97 (.90, 1.00) 82,69, .95)
s Figure 1. Quartile rankings of the number of positive emotion sentences in autobiographies written in early life
Note.  For all correlations, p < 0001, and the probability of survival in late life for 130 participants in the Nun Stedy, (Note that the survival curves
*495% confidence imervals appedr in parentheses. for Quartites 1 and 2 are virtally overlaid on each other.)
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https://commons.wikimedia.org/w/index.php? cu
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Blei, D. M. (2012). Probabilistic topic models. Communications of the ACM, 55(4), 77.
doi:10.1145/2133806.2133826
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Blei, D. M., & Lafferty, J. D. (2009). Topic models. Text mining: classification, clustering, and applications, 10(71), 34.
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DTM (Dynamic Topic Model)
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« (1) &Ho] ZH 2| FE Y 24 U - E7Fs
- SAl E30| YT o &A FEO|L, J2CHNESH HE= FA| (document = a bag of words)
* (2) Z4& olo|m mf2to|E, So| EX Jj+F A& st= 2alct WHO| gia (Gerlach, Peixoto, &

Altmann, 2018)

(3) AP 30| CHSH 0|22 A
- OIE

=0 Le| 38 22& 2=0

l7= A0 CHd=2 2

CrE=lott], 2t Ex RO ES H|u

to] O[H| (held-out likelihood? Exclusivity?)

=3t O0|H| (Gerlach, Peixoto, & Altmann, 2018)
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(4) Short TextH|AM= 22| Z20| B0{& (Quan, Kit, Ge, & Pan, 2015)
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« Example 1: Semantic network analysis

o AHO| HA|HIEYT R E 7HA| D Q2 (Newman, Barabasi, & Watts, 2011)
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« Example 2: Vector space embedding model

* Vector space word embedding model 22t A HE 282510 THO{E HIE| 2 S| 7| = 24

CHISE &M Ths -) 218 HZE[0] JUA| A2 FRM0 2 JARSH HO{E F53= 20| Z2 0l (E.g., If “volleyball” and “softball” are located near the
so-called “feminine words”, they could be categorized into so-called “feminine sports”, even though they do not co-appear in sentences
(Kozlowski, Taddy, & Evans, 2018))

THO1E 7FA| 1L O3] A0 71SoHAIE R, T2 28 A7 E24HE = AS

- D= WE2 SHA2F TS THAA|T, HEo| Aelotl BEoiM ARESHH s S = US
0]

NelsonO| A|2tst T2 M|A (Nelson, 2017)
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 Atg: ojo|T HIELZ oA F210] 7} &St community detection ¥112|S017}7?

» 9|0|T HIERZ 2| sub-community -) ol S At=0f| ZAH5H= AR S 2|0|T Z23}0f| 0f 2 SL
. FHADS
+ (1) clique, clanS HE 2D2|Z -) LIQILO| HTHE SYAS 125t Q002 T AMBE|| 942

« (2) M 7tA| €12|SF 7|27t 2 53 methods based on statistical inference, methods based on optimization,

methods based on dynamics (Fortunato & Hric, 2016)
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Tessone, 2016)

ofAZh o|ofY LI EQIA L AHRE|L= LHEL| S5&= 71 -) 4= 72| Ugd ("Hs0l
= A" -) HS0|2f BU = HEEIK U=717)
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© 4TS 7157 RalCiEtE

Resolution problem= 3=0IHA &, Z272|0M 2= ZHE SAHE &

EZM (Yang, Algesheimer, &

Al W “B7H A AP AL}

Algorithms based on dynamics (e.g., Walktrap, Infomap) 7t £2 22 £+ S, IZAS0| H|0O}

U7| IfZ (Pons & Latapy, 2005)
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